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to cortical surfaces based on the shape and geometric properties of subsets of LEFTPTs
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LDDMM-Surface Matching
Large Deformation Ditfeomorphic Metric Mapping (LDDMM) is described as LEET PTs RIGHT PTs
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where ¢ represents the transformation and v is the velocity field of ¢. f, f index faces

template surfaces are colored

of the target surface, while g, g index faces of the template surface. N( f) is the normal by average distance at ecach
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vector of face f.c(f) is the center of face f. K(x,y) is the kernel of Hilbert space.
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Three corner points and three boundary

Results curves of the PT were considered as point f‘? 06 | Surface
Twenty healthy controls (10 men and 10 females, age: 36.5£11.2) were and curve landmarks across the population. £ 04/ Landmark |
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Conclusion

The results demonstrate that both the positional and shape variability of the
anatomical configurations can be represented by the diffeomorphic maps.
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